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1. Machine Learning Methods
2. Neural Networks
3. Decision Trees
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1. K- Nearest Neighbors
2. Random Forest (RF)
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1. Standby mode

2. Photovoltaics

3. Demand side management

4. Demand side response

5. Multiple linear regression (LM)

6. Support vector machine with radial kernel (SVM radial)
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1. Gradient boosting machines (GBM)
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1. Model Predictive Control (MPC)
2. Data-driven model Predictive Control (DPC)
3. Bilinear building model
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. Classical bang-bang controller
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. Mean absolute error (MAE)

. Root mean squared error (RMSE)
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1. Partial decision trees (PART)
2. Instance-based learning
3. lazy
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Algorithm: K-Nearest Neighbors

Input: D , a chunk of the original distance matrix
, dimension of the chunkn pynksize
Split, index of split
Chunk, index of chunk
Maxk, an array to hold the farthest neighbors for each row index in the chunk
[row] ~«blockldx.xxblockDim.x+threadldx.x
If row' < nepunksize then
row’ « split X Nepynksize +7OW  ®
For column’ < 110 ncpynksize A0 ©
column « chunk X N pynk size + column’ o
If row = column or row > n,,,, or column > n., then o
Continue
If [row’ X Nepynksize + column'] < Gk'[Maxk[row']].weight then o
Gk’[Maxk[row']].source —<row o
Gk’[Maxk[row’]]. target « column o
Gk'[Maxk[row']].weight « D[row’ X Nepynksize + column’] o
Search the new maximum element in row’(D) and store the index in Maxk[row']

End
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Algorithm : Random Forest

Input: Sequence of N examples < (x1,y1),...,(xN,yN) > with lablesy; e Y = {1, ..., L}
Distribution D over the N examples
Integer K specifying number of iterations
number of variables =P
Do fort = 1,2, ..., K (number of trees)
Choose bootstrap sample D; from D to constructtree T; e
Select m input variables at random from P .
(m«KP) o
To determine the decision tree at a node of the tree o
Calculate the best split based on these m variables in the training set o

End
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